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Reviewing the Data-Powered 
Positive Deviance Method:

Findings and Recommendations

This publication brings together the findings and recommen-

dations from a comprehensive review of the Data-Powered 

Positive Deviance (DPPD) method. Based on eleven  

documented applications and interviews with practitioners, 

funders, and developers, it reflects on the value of the  

approach, the barriers to its wider adoption, and the oppor-

tunities for its future development.

Rather than presenting separate discussions of findings  

and recommendations, this document brings both perspecti-

ves together. It first examines what the review revealed ab-

out the value of DPPD and the barriers that currently limit its 

broader uptake. Building on these findings, it then outlines 

recommendations for adapting the methodology, strengthe-

ning implementation capacity, and creating the conditions 

under which DPPD can become a more widely used tool for 

evidence-informed development.



33

The premise of the DPPD method: within a population facing the same conditions, 
a small number of positive outliers do measurably better.

Introduction

Data-Powered Positive Deviance (DPPD) pairs the asset-ba-

sed logic of Positive Deviance with data analytics to identify 

outliers across whole populations, before fieldwork explains 

what they are doing differently. It was first described by  

Basma Albanna and Richard Heeks and tested through a glo-

bal initiative of the GIZ Data Lab, Pulse Lab Jakarta, the 

UNDP Accelerator Labs, and the University of Manchester. 

After five years, more than a hundred practitioners trained, 

and eleven documented projects, DPPD has generated signi-

ficant interest but limited adoption. To understand that gap, 

we ran semi-structured interviews with fifteen people who 

have developed, funded, or applied the method, and analy-

zed every documented project.

We synthesized the insights into two main findings: there  

is value in the DPPD method at several levels, while the bar-

riers to adoption are tangled up in one another. 

The following chapters first discuss these findings before 

turning to the recommendations that emerge from them.

The initial set of DPPD pilots and the data each relied on.

https://www.datapoweredpd.org/method
https://dppd.medium.com/positive-deviance-positive-outliers-matter-273ffb84608
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Findings 
 
The Value of DPPD

Where conventional practice opens by documenting what a 

place lacks and then prescribing a ࢂx from outside, DPPD ope-

rationalizes asset-based development in a rigorous, data-in-

formed frame, starting instead from what is already working 

and asking how to diࡿuse or amplify it.

The practitioners we interviewed kept returning to that value 

proposition: “It challenges the deࢂcit-based approaches,” one 
told us. “You always start by saying what is missing, as oppo-

sed to actually saying what do you already have, work with 

what you have. It’s an extremely empowering message for go-

vernments.” The method “ࢂts the narrative: ࢂnd your own so-

lutions, stop relying on external aid,” a framing that resonates 
more with every year that foreign assistance comes under 

sharper scrutiny.

The DPPD method is based on a hybrid quantitative-qualitati-

ve design: Its quantitative phase applies statistical methods, 

  agging outliers that community-level observation wouldࢃ
 nd hard to catch. The qualitative phase then goes to checkࢂ
whether those patterns reࢃect replicable individual or collecti-
ve practices. One interviewee described DPPD as “a very po-

werful tool that is super rigorous that will allow you to have 

certainty on whether the behaviors of certain outliers are the 

next move in terms of policymaking.” 

By reframing external support as the facilitation of local know-

ledge discovery rather than bringing in outside solutions, 

DPPD requires external actors to act as facilitators instead of 

suppliers of solutions, and it leaves ownership of the solutions 

with the communities. One practitioner went further, urging 

us to lean into the method’s sophistication for its complexity, 

and to position it as “an avant-garde tool for future-thinking 

governance.”

For GIZ and UNDP, the organizations that were involved in  

testing and reࢂning the method from the very start, DPPD 
drove learning that outlasted single projects: new skill proࢂles 
especially in the data science domain, new collaboration bet-

ween HQ data teams and country oࢀces, and academic part-
nerships that informed models for working across institutions.

Big data for breadth across a whole population, thick data for depth on 
a small number of positive deviants. Adapted from “Why big data needs 
thick data”.
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Interviews also reported that DPPD tends to produce fin-

dings that are revealing rather than confirmatory. It surfaces 

nuance, and now and then it complicates the story it set out 

to tell. In the Mexico City project, fieldwork with women  

living in statistically safer neighborhoods found that safety 

had less to do with lighting or cameras than with who occu-

pied a space, and when, even down to the sounds and smells 

the women associated with feeling safe or unsafe. In  

Ecuador farmers whom the satellite data had flagged as fo-

rest-conservers turned out, once we visited, to be constrai-

ned rather than committed, some lacking the means to clear 

their land. That result complicates the asset-based story in  

a useful way, and it shows the method can correct our as-

sumptions as readily as confirm them.

Mexico City: what women in statistically safer areas actually described.

https://dppd.medium.com/identifying-safe-r-public-spaces-for-women-in-mexico-city-4f3d49d269d6
https://medium.com/@dppd/deforestation-cows-and-data-data-powered-positive-deviance-pilot-in-ecuador-s-amazon-648aa0de121c
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In North Macedonia, DPPD-based analysis of municipal  

budget performance fed into a 2023 amendment to the law 

on financing local self-government, giving municipalities  

new authority to restructure debt and issue bonds for the 

first time. In Guatemala, an analysis of food security  

outcomes produced an objective counterfactual for the value 

of UNDP’s long-term presence and helped mobilize around 

half a million dollars to keep a program running.

In North Macedonia, DPPD-based analysis of municipal  

budget performance fed into a 2023 amendment to the law 

on financing local self-government, giving municipalities  

new authority to restructure debt and issue bonds for the 

first time. In Guatemala, an analysis of food security out- 

comes produced an objective counterfactual for the value of 

UNDP’s long-term presence and helped mobilize around  

half a million dollars to keep a program running.

Ecuador: cattle on cleared land in the Amazon. Farmers the satellite data had flagged as 
forest-conservers turned out to be constrained rather than committed.

https://www.undp.org/north-macedonia/publications/citizen-centered-financial-management-local-level
https://www.undp.org/es/guatemala/blog/challenge-learning-others
https://www.undp.org/north-macedonia/publications/citizen-centered-financial-management-local-level
https://www.undp.org/es/guatemala/blog/challenge-learning-others
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The Barriers

The obstacles we found fall into four areas:

1.	 Methodological complexity: DPPD asks for a rare combina-

tion of skills such as data science and ethnographic re-

search. “Whoever is going to do DPPD needs a team,” one 
practitioner said. “One person might not be able to do it. 

You don’t usually have the qualitative and quantitative 

skills together.” Time makes it harder still. Documented 
projects have run from around three to nine months; the 

longest, in Somalia, stretched over two years, though with 

long pauses for contracting local field researchers rather 

than continuous work. Even so, the perception of slow-

ness weighs: “Two years is too long,” as one interviewee 
put it. “Governments want to see action and results, not 

findings from research two years afterwards.” And becau-

se the method is really a process of discovery, nothing 

guarantees that a given application will turn up anything 

usable, which is what makes it, as one practitioner called 

it, “a risky endeavor” for an institution to take on.

2.	 Data constraints: Access to data came up more often than 

any other operational barrier. In Mexico City, six months 

of negotiating for emergency call records ended with the 

realization that the data was unusable for what the team 

needed. Even once access is secured, quality frequently is 

an issue: Ecuador’s land registers, dating back to 2005– 

2006, returned farm sizes that were simply wrong, and  

 

with them a group of false positive deviants. Since global-

ly available satellite imagery requires no data-sharing ag-

reement, projects tended toward it, and therefore toward 

agriculture and environment, regardless of whether those 

are the questions that matter most. “The amount of data 

actually limits the design itself,” as one practitioner put it.

Land parcels in the Ecuadorian Amazon. Cadastral records dating from 2005–06 returned farm 
sizes that were not accurate. ©Google maps satellite image cantón Sucúa (2021).
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3.	 Organizational and political resistance: “Development orga-

nizations work under the promise that they solve problems,” 
one interviewee observed, “not that they learn about how 

others solve the problems.” From there the resistance bran-

ches out in familiar ways, with staࡿ wondering whether  
facilitated discovery counts as “real” development work, ma-

nagers unable to ࢂt it into standard project logic, and do-

nors reluctant to fund an output no one can specify in  

advance. A political instinct to launch something new rather 

than build on what already works adds to all of this, even 

though positive deviant practices are by deࢂnition uncom-

mon, and a local solution never yet taken to scale can fairly 

be framed as an innovation. The solutions, moreover, belong 

to the communities that developed them, which makes 

them hard to convert into the kind of success stories politici-

ans need: the local ownership that gives the method its con-

ceptual strength also limits the political visibility available to 

anyone who might champion it.  

4.	 The last mile: The most consequential barrier is in the gap 

between ࢂndings and action. More than once, a project pro-

duced solid analysis that went nowhere simply because no 

one had agreed up front to use it. “What I would have to tri-

ple-check,” one practitioner said, “is to make sure that so-

meone is waiting for these ࢂndings and that we have some 
sort of agreement that they will be used.” Government enga-

gement often amounted to workshops, and even rigorous, 

mixed-method results were sometimes brushed aside as 

“anecdotal evidence.” Scale could be one response to that:  

A DPPD-based early-sown wheat study in India surveyed 

more than 1,200 farming households across Punjab and Ha-

ryana. Assembling that scale, however, took a multi-year, 

multi-institution collaboration most applications may not 

manage.

To date, DPPD projects have been more “push” than “pull”, initi-
ated by those promoting the method rather than requested by 

organizations with a problem to solve. The ࢂndings presented 
above naturally lead to the question of how the identiࢂed bar-

riers can be addressed. The following section therefore transla-

tes the review into practical recommendations for the further 

development and application of DPPD.

The early-sown wheat study in India covered more than 1,200 farming households across Pun-
jab and Haryana.

https://www.tandfonline.com/doi/full/10.1080/14735903.2025.2603756
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Recommendations

Reviewing the Data-Powered Positive Deviance Method:  

What we Recommend

In the previous findings, we set out the diagnosis of the va-

lue of DPPD and described the barriers to greater uptake of 

the method. Our response is organized around three pillars, 

a clearer sense of where the method fits, and a set of recom-

mendations for different actors.

Pillar One: Methodological Adaptation

Several interviewees suggested breaking the method into 

components that can stand alone or slot into an existing pro-

ject design, i.e. to “chop it and chunk it.” A quantitative mo-

dule could sharpen site selection inside an otherwise con-

ventional program. A qualitative validation protocol could 

test whether a success spotted by other means is genuinely 

replicable. A behavioral synthesis step could carry field ob-

servations into programmatic guidance. Partial applications 

still deliver partial benefits, and they build the familiarity and 

capacity that fuller ones depend on.

The five stages of a DPPD application. Breaking the method up means treating these as compo-
nents that can stand alone or slot into an existing project design.
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A second move is to lighten the data burden, on which teams 

spend much of their time in DPPD projects. Here we recom-

mend building pre-packaged, ready-to-use data assets for 

priority domains. “If you could provide a baseline, say, for 

deforestation, where you already have some global satellite 

data, teams don’t start from a blank page,” as one practitio-

ner described it. Where the data is pre-processed, the pipe-

lines already exist, and the validation protocols are standard-

ized, timelines can shrink significantly for specific, 

well-defined applications. 

The eleven completed projects could be leveraged as an  

asset. Statistical work from past analyses can be recycled to 

identify success factors, studies can be replicated in new 

countries, and where sensor or satellite data serves as the 

source, identification can be automated for repeat applica-

tion. A shared library of applied cases would support this 

reuse and give prospective adopters concrete reference 

points. 

What pre-packaged data assets would cover: contextual factors, outcome measures and the data-
sets behind them, prepared for priority domains.
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Pillar Two: Capacity Architecture

Skills cannot simply be modularized away, so any serious 

strategy has to say how they will be built and deployed. Our 

recommendation is an orchestration model that separates 

centralized functions from distributed ones. A global hub 

with deep technical capability would own data acquisition, 

processing, statistical analysis, and quality control, while lo-

cal partners would carry the government relationships, the 

field validation, the behavioral observation, and the diffusion 

of practices. “A global entity with advanced technical capabi-

lities could manage the complex remote data analysis,” one 
interviewee suggested, “while local CSOs or other local part-

ners could conduct the ethnographic fieldwork and lead the 

scaling interventions.” 

Two things could enable this shift. The first is a community 

of practice. Practitioners we spoke to were adamant that ex-

perience is what really transfers: “you need someone who’s 

actually done it to do some handholding.” The second is a 
change in how we build capacity in the first place. Rather 

than training individuals and hoping they find collaborators, 

we should train functional teams that pair quantitative and 

qualitative skills from day one, with working relationships 

designed to outlast single trainings.

Under an orchestration model, local partners carry the government relationships, the field valida-
tion and the diffusion of practices. Photo: UNDP Somalia.
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Pillar Three: Demand Generation

Our barriers analysis showed how organizational and political 

dynamics suppress demand. “The toolkit is suࢀcient enough 
for now,” one practitioner argued. “What’s needed is building 
tangible relationships at the country level... having advoca-

tors throughout organizations, meeting regularly. It is time-

consuming and resource-consuming, but it’s the only way.”

Some of this work is conventional marketing: identifying prio-

rity client segments, understanding what those clients are 

trying to achieve, and positioning what DPPD delivers against 

those priorities, rather than promoting the method on its 

own terms.

The message also has to be cut to each audience: Govern-

ments tend to respond to a framing built on sovereignty  

and self-reliance, since the method surfaces local solutions 

instead of importing external ones. Practitioners respond  

to evidence and rigor. Donors respond to sustainability and 

eࢀciency, because the solutions DPPD turns up are ones 
communities can sustain without permanent external sup-

port. 

Above all, teams need to ensure they secure the client before 

the analysis. The last-mile failures almost always trace back 

to a project that ran without any decision-maker committed 

to supporting the diࡿusion stage. Going forward, DPPD appli-
cation should begin with a speciࢂc decision it is meant to in-

form, a commitment from whoever owns that decision and 

outputs shaped in a form they will use. Beyond those indivi-

dual commitments, DPPD can be positioned as an input to 

larger processes: national strategies for food security, climate 

adaptation, or public health, and the international frame-

works that already demand evidence-based programming. 

Where DPPD Fits Best

DPPD does not suit every problem. Four domains stand out 

as especially favorable, based on data accessibility, outcome 

measurability, and policy relevance.

Climate adaptation and environmental management top the 

list. Remote sensing data is globally available and mostly free 

of data-sharing agreement requirements, and adaptation is 

inherently local, which suits a method built around context-

speciࢂc solutions. The DPPD work on rangelands in Somalia 

and tree cover in Ghana supports this claim.

Rangelands in northern Somalia, with candidate positive deviant settlements. Globally available 
remote sensing makes climate and environment the most accessible domain for the method.

https://dppd.medium.com/rangelands-defying-the-odds-a-data-powered-positive-deviance-inquiry-in-somalia-90772de392dd
https://dppd.medium.com/rangelands-defying-the-odds-a-data-powered-positive-deviance-inquiry-in-somalia-90772de392dd
https://dppd.medium.com/from-pixels-to-preservation-utilizing-remote-sensing-to-identify-community-techniques-to-save-tree-b6becb014741
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Rice terraces in Indonesia. Farmers working the same conditions still end up with very different 
yields.

Agriculture and food security are also promising. Vegetation 

indices stand in well for yields, and farmers facing the  

same conditions still end up with very different results, 

which is the variation the method relies on. Projects on rice 

in Indonesia and food security in Niger illustrate this.

Public finance and local governance, the focus of the North 

Macedonia work, lean on administrative rather than satellite 

data. But where that data can be reached, the positive  

deviants are entire municipalities, which lands the findings 

directly on a policymaker’s desk.

Urban development is another relevant domain. Cities are 

data-rich, their problems vary measurably from one neig-

hborhood to the next, and a fix that works in one place often 

fails in another, the dynamic the Mexico City work demon-

strated.

In the North Macedonia work the positive deviants were whole municipalities.

https://medium.com/@PLJ/identifying-potential-positive-deviants-pds-across-rice-producing-areas-in-indonesia-an-4746a114eaaf
https://medium.com/@PLJ/identifying-potential-positive-deviants-pds-across-rice-producing-areas-in-indonesia-an-4746a114eaaf
https://dppd.medium.com/tackling-food-security-in-niger-by-learning-from-positive-deviants-e27e3358b972
https://www.undp.org/north-macedonia/publications/citizen-centered-financial-management-local-level
https://www.undp.org/north-macedonia/publications/citizen-centered-financial-management-local-level
https://dppd.medium.com/identifying-safe-r-public-spaces-for-women-in-mexico-city-4f3d49d269d6
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Recommendations

We close with advice for three groups.

1.	 Those who design and adapt the method should develop 

modular components, build pre-packaged data assets, de-

sign compressed pathways for well-defined applications, 

and codify the orchestration model so that the division 

between central and local functions is explicit rather than 

improvised. 

2.	 Those who fund the work should back the ecosystem, not 

just the individual project. That means accepting the out-

come uncertainty that comes with any discovery process, 

supporting longer timelines where the comprehensive 

version of the work justifies them, resourcing a communi-

ty of practice, and weighing research partnerships, since 

universities are often better placed to carry the long,  

research-intensive phases. 

3.	 Those who apply the method should lock in client commit-

ment before the analysis begins, invest in team capability 

rather than individual expertise, favor applications where 

data relationships already exist, and stay engaged with 

partners throughout.

The method’s complexity, its dependence on different types 

of data, and its friction with the way institutions work will  

always limit its reach against simpler alternatives. What is 

realistic, and worth the effort, is to move DPPD from a niche 

innovation to a recognized option that practitioners reach 

for when it genuinely fits: where local solutions almost cer-

tainly exist but stay invisible, where data can reveal patterns, 

and where beginning from a community’s strengths carries 

practical and political weight.

If you want to give it a try, head over to the DPPD method 

pages and the Handbook as good places to start.

The DPPD Handbook: a step-by-step guide for practitioners applying the method.

https://www.datapoweredpd.org/method
https://www.datapoweredpd.org/method
https://www.datapoweredpd.org/s/DPPD-Handbook.pdf
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